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My model begins with the first 4 layers of VGG16 and
adds on several more convolutional, transpose
convolutional, and batch normalization layers in
attempt to fine tune to this specific task.

Evaluation of our model’s performance is based on
softmax cross entropy loss at each pixel, and is
averaged over all pixels to give one loss value.
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All Conv layers use RelLu nonlinearity

2x2 Conv_T layer increases spatial resolution by 2x
Model 3 introduces batch norm before every non-linearity
Final model added 3 more layers taken from VGG

All images end with same dimensions as inputs

complicated layers like batch norm and transpose
convolution.

Future Work

Data

Model Performance

Consists of ~200
histological images of real
breast cancer tumors, and
the corresponding high
quality labels generated by
doctors at Stanford Medical
School.

Although small, each image
Is 1128x720 which provides
roughly ~800k
classifications per image.
Augmented data set with
flipped and mirrored images.

Stanford University

One big issue is lack of data. With a few hundred
more examples there would be more signal.
Experiment more with taking further layers of
VGG and upsampling/downsampling.

Do a more comprehensive hyper-parameter
search given more time and computational
resources.

Take this to the doctors to see what they think!
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