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g Conclusion

e The robot follows shortest path through imitation learning

bathroom living room kitchen

e DAGGER generally improves the performance, stabilize the be-

e train policy mp(atlo,) from human data D, = havior of the robot

(01,01, ...,0N,QN)

Future Work

e Parallelize the DAGGER module to accelerate data collection

e run policy mg(a¢|o;) to get observations D, = (o1, ...,0nr)

e ask human to label dataset D, with optimal actions a;

e Generalize to new tasks and new scenes

o Aggregate D « <— Dy« U D,
e Investigate other model structures such as CNN and deep rein-

e goto first s tep forcement learning
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e Extract 2048-d features through ResNet-50
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