Refined G-TAD: Sub-Graph Localization for Temporal Action Detection
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- Task: Temporal Action Localization (TAL)
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This figure is from g-tad paper
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Dataset/Evaluation

Results: mAP

THUMOS-14 dataset

Threshold Cosine Attention K Furthest Default
0.3 0.466 0.481 0.491 0.500 - Training losses and validation losses are very
. . . 0.4 0.388 0.413 0.431 0.439 . e . .
This dg’rqse’r c;on’roms untrimmed temporal 0 0306 0,333 0 368 0 365 similar across different methods, suggeshr?g
localization video data on 20 human 0.6 0.208 0.238 0.263 0.271 that the structure of the graph proposed is
action classes. Ll Ll g il oLl Irelevant in terms of minimizing the loss
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- size of validation data: 213 videos - MAP are slightly different across different
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Evaluation: a good proxy for the mAP metric
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